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Abstract

The game theoretical and experimental literature has found ample support for

the hypothesis that “face-to-face communication in presence” increases trust and

trustworthiness (crucial components of social capital) and, with them, the likelihood

of cooperative solutions in social dilemmas. We argue that web exposure increases

the share of non-face-to-face relationships that are poorer in terms of creation of

interpersonal social capital. We find support for our theoretical hypothesis with

an empirical analysis on the European Social Survey since the average time daily

spent on the web negatively and significantly affects interpersonal trust. The effect

is nonlinear and stronger for women, for the low educated, and for individuals with

poorer relational life.
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1 Introduction

Trust, as main component of social capital, has been shown to affect several economic outcomes,

both at the micro-level (Guiso et al., 2009; Huberman, 2001; La Porta et al., 1997; Sapienza

and Zingales, 2012) and at the aggregate level (Arrow, 1972; Coleman, 1988; Knack and Keefer,

1997; Zak and Knack, 2001; Ostrom, 1990; Putnam, 1995). However, relatively less is known

about its determinants. In this paper, we aim to contribute to this strand of the literature and

investigate whether web exposure can affect individuals’ levels of trust.

The wide diffusion of web communication and web face-to-face interactions in recent times and

after the onset of the COVID-19 pandemic has made clear the existence of three main types of

human exchanges: i) face-to-face interactions in presence; ii) face-to-face interactions at distance

(as in webinars) and iii) non face-to-face interactions at distance (such as most of the interactions

on Whatsapp or social media). The first type of interaction implies time-space joint presence

of the counterparts and enables the richest exchange of (verbal and non verbal) signals among

them. The second type of relationship implies time but not space joint presence thereby gener-

ating poorer interactions but still allowing face-to-face communication, even though at distance.

The third type of relationship occurs without space and (in most cases) time joint presence and

is the poorest form of communication as it implies no visual communication but also the risk of

misunderstanding and of creating the match with the counterpart mood in the wrong moment

due to the lack of synchronicity between the moments in which messages are sent and received.

In this paper we wonder whether the difference in quality of web communication (mostly third,

or second type) and communication in presence (first type) affects a crucial social driver of social

capital such as trust on others. To the best of our knowledge, we are the first to analyze the

effect of different communication types on interpersonal trust outside an experimental setting.

There is substantial consensus in the literature that face-to-face communication in presence raises

trust and cooperation by giving individuals richer clues to understand whether their counter-

parts in social and economic relationships are reliable or not (Davis and Holt, 1993; Isaac and

Walker, 1988; Roth, 1995). This hypothesis is widely supported in game theoretical experi-

ments demonstrating that selected forms of face-to-face communication in presence (e.g. cheap

talks) make cooperation outcomes easier to achieve in presence of social dilemmas where social

optimum allows to achieve Pareto superior outcomes with respect to the non-cooperative Nash
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equilibrium1 (Bicchieri and Lev-On, 2007). There is also general consensus that face-to-face com-

munication relying on gestures and facial expressions is much richer than virtual communication

that divorces language from them. According to Dawes et al. (1976), identification, discussion,

and commitment are the three channels that explain the success of face-to-face communication.

Bicchieri and Lev-On (2007) resume this literature by arguing that face-to-face communication

in presence helps people to focus on pro-social norms and demonstrate in their experiment that

it is harder to reach the same level of cooperation when communication is mediated through

web sources. Their interpretation is that with web mediated communication the focus on social

norms is weaker due to the poverty of contextual cues that convince players about the promise

keeping behaviour of their counterparts. The relatively poorer interaction through web sources

reduces significantly the value of identification (less that of discussion and commitment). Xiao

and Houser (2005) demonstrate that the possibility to express emotions - highest in the first

type of “face-to-face in presence” communication - increases the cost of creating disutility to

one’s own counterpart and therefore raises the incentive for pro-social behaviour. The hypothesis

that the relatively poorer impact on cooperation of web vis-à-vis facial interactions in presence

partially depends on the lack of visual interaction is indirectly supported by an experiment

of Brosig et al. (2003) who use seven different means of communication and demonstrate that

cooperation in videoconferences is much higher than that in audioconferences. Their findings

therefore imply that (second type) face-to-face distance communication performs better than

(third type) non face-to-face distance communication.

Additional indirect evidence on the assumed hierarchy of effects of the different qualities of the

three different types of communication comes from the invention of emojis (stylised faces ex-

pressing emotions) that are digital solutions created to overcome the “poverty” of (third type)

virtual communication typical of social media where a face-to-face relationship with our counter-

parts is in most cases not used. Emojis are poor surrogates of visual communication that have

been introduced in computer mediated communication to avoid the misunderstanding arising

from poor virtual communication and in order to reduce the gap between the two (face-to-face

and virtual) communication forms. Babin (2016) shows that emojis have a significant effect on

trust. Evidence provided by Babin shows once again that trust is much easier in face-to-face

1Face-to-face communication in presence is shown to increase cooperation from 31 to 72 percent in
commons dilemma experiments (Dawes et al., 1976), to triple it in repeated commons games (Ostrom
and Walker, 1991) and in public good games (Frohlich and Oppenheimer, 1998).
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relationships (and even in their poor emojis surrogates) than in digital non face-to-face relation-

ships. Ross and Nisbett (2011) show that emojis may be useful devices to overcome the poverty

of digital communication since they may lower cognitive or psychological costs of stereotyping,

a typical approach used to classify individual behavior. The importance of sending images in

digital communication is so strong that empirical research has demonstrated the willingness to

pay for it from both demand (Eckel and Petrie, 2011) and supply (List and Heyes, 2016) side.

We contribute to this literature by assessing whether these experimental findings can be matched

with externally consistent evidence. If what found in experiments of the behavioural economic

literature has external validity, we should find that individuals living more time of their day in

poorer forms of communication should have relatively lower interpersonal trust.

Based on these considerations, our research hypothesis is that higher exposure to poorer quality

communication (such as virtual communication on the web) reduces general trust on other indi-

viduals. With reference to the three forms of communications discussed in the introduction we

anticipate that we are not able to disentangle in our empirical analysis whether time spent on the

web by respondents refers to second type (face-to-face at distance as in webinars) or third type

(non-face-to-face at distance as in most social media) communication. However, we reasonably

assume that web communication is necessarily worse than communication in presence since it is

limited to second and third type, while communication in presence is always of the first type.

The rationale behind our research hypothesis is that individuals need to understand whether

their counterparts are reliable or not before deciding to trust them. Reliability is enhanced

in presence of rich communication such as (hopefully in presence) face-to-face communication

where emotions can be communicated much more easily. Hence, time exposure to virtual com-

munication increases time dedicated to poor quality relationships and reduces that dedicated

to high quality relationships (we argue that this is the case because emojis can only partially

reduce problems related to the lack of face-to-face communication). As a consequence, our re-

search hypothesis is that: i) individuals spending more time on the web should have relatively

more frequent experiences of poorer communication and lower cooperation; ii) people living more

hours of their time in virtual than in face-to-face relationships in presence should consequently

have a poorer opinion of interpersonal trust. The policy implications of our hypotheses are huge

since an aggregate increase in time dedicated to web relationships would produce an erosion

of social capital and this could be, for instance, an undesired consequence of the forced mass
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experiment of smart-working during the COVID-19 pandemic in spite of its potential positive

effects on productivity and use of time.

A second rationale (and transmission channel) for our research hypothesis relies on the nature

and characteristics of social relationships. Social relationships (relational goods) are a special

kind of local public goods characterised by (local) non excludability and “anti-rivalry” (Antoci

et al., 2007; Becchetti et al., 2011; Corneo, 2005; Gui, 1996; Jenkins and Osberg, 2004; Randon

et al., 2008; Uhlaner, 1989). The pleasure of a relationship (in a party, a social meeting) may

be enjoyed by those who are invited to participate (local non excludability). At the same time

fruition of other participants not only does not reduce their value but is a necessary condition for

enjoying the relational good itself (the anti-rivalry feature). Building good relationships requires

time and investment and is subject to coordination failure. Individual preferences, availability

of the good, and purchasing power are sufficient conditions to buy and enjoy private goods but

not relational goods. The enjoyment of relational goods requires a coordination of will and

investment by the counterparts that produce that good.

Relational goods are important in our research context since there is a virtuous circle between

good relationships and cooperative outcomes in social dilemmas (when the latter are played by

individuals who know each other and enjoy a relationship). This is because, in presence of strong

relational ties, the temptation not to cooperate in social dilemmas such as prisoner’s dilemma

or trust investment games entails the extra cost of losing the friendship of the counterpart (Bec-

chetti et al., 2012). In the internet era, everyone faces the dilemma of investing in face-to-face

relationship in presence with the counterpart in front of her/him or being in contact with the

rest of the world on her/his cell phone. In economic terms this means that the opportunity

cost of building face-to-face relationships in presence has dramatically increased. The paradox

is that virtual communication is a useful device to maintain contacts at distance, but it raises

the cost of creating those face-to-face intercourses that are essential to create relationships.

Through this channel we argue that higher time exposure to virtual communication reduces

the time invested in face-to-face relationships in presence. With poorer relational goods the

likelihood of cooperative equilibria in social dilemmas falls and therefore individuals experience

lower success of trust. These experiences have negative effects on the perception that others

can be trusted. The two rationales for our research hypothesis explained in the introduction are

observationally equivalent and produce a negative nexus between time spent on the web and
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trust that we will test in the empirical analysis that follows.

The paper proceeds as follows. In section 2, we describe the data used to advance our research hy-

pothesis. Section 3 includes our empirical framework (baseline model and instrumental variables

strategy). In section 4, we describe the robustness checks we performed. Section 5 concludes.

2 The data

The main data source for our research is the European Social Survey (ESS), a biennial cross-

country survey started in 2001. The survey consists of face-to-face interviews, aims to investigate

ideologies, values, demographic set-up, socio-political and economic preferences, with the scope

of creating European social and attitudinal indicators. For our study, we use waves 8 and 9,

as they are the only ones reporting the question on the average daily time spent on internet.

These waves, conducted between August 2016 and June 2020, report information from individ-

uals located geographical areas specified at NUTS1, NUTS2, and NUTS3 level, in twenty-three

countries for Round 8 and twenty-nine countries for Round 9. We believe that this database

represents the best available source of information for our study thank to the rigorous ESS

sample country design, the high quality of data, and the wide range of subjects covered by the

survey, .

The question about interpersonal trust on the European Social Survey ranges on a 0-10 scale

where 10 corresponds to the statement that “most people can be trusted” and 0 that “you can’t

be too careful”. About 5 percent of respondents report the most negative (0) item, while only

1.90 the highest (10) item. In addition to it, less than half of the respondents (around 48 per-

cent) give a score higher than 5. Very few respondents (less than 0.40 percent) say that they

”do not know” or refuse to answer. Average levels of trust are higher in Northern Europe than

in the rest of the countries (see Figure 1).

The question about internet use asks about time of use on a typical day in minutes. We drop

from our sample individuals giving inconsistent answers (more than 1440 minutes per day). In

our final sample, only 0.16 percent of respondents say they never use internet (0 minutes), 20.73

percent use it up to one hour, 40.29 percent up to two hours, 61.48 percent up to four hours,

while 28.84 percent of respondents use it for 6 hours or more.

The sample is well balanced on gender since slightly more than half of the sample is composed
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by males (52.50 percent). The average respondent’s age is 49 years and average education years

are 12.4.

3 Econometric framework

3.1 Baseline model

To test the impact of the average daily internet use on interpersonal trust we estimate the

following ordered logit model:

Trusti,t = α+ βWebUsei,t + Γ′Wi,t + δc + θt + εi,t (1)

where the dependent variable of interest (Trusti,t) is a discrete qualitative variable measuring

the level of trust in people reported by individual i at time t, defined as the 0-10 evaluation

scale of respondents on whether most people can be trusted (10 being the highest level).

Our main regressor of interest (WebUsei,t) is the average daily time spent on internet in minutes.

Alternatively, to check the linearity/nonlinearity of the effect, we replace the continuous variable

with a set of dummies capturing use from 1 to 3 hours, from 3 to 6 hours, and for more than 6

hours (with use below one hour being the omitted benchmark).

Xi,t is the vector of individual controls and includes 0/1 dummies for gender, age classes,

income deciles, self-declared political orientation, education level (based on ISCED1 classifica-

tion), marital status, and occupation (for details on the definition of these variables see Table

1).

Our specification includes country of origin fixed effects (δc), with countries in the sample being

Belgium, Bulgaria, Czech Republic, Germany, Estonia, Finland, France, Great Britain, Hungary,

Israel, Ireland, Iceland, Italy, Lithuania, Montenegro, Netherlands, Norway, Poland, Portugal,

Russia, Serbia, Slovenia, Slovakia, Spain, Sweden, and Switzerland.

We also control for (θt) wave fixed effects. We use the ESS Round 8 (started in 2016 and re-

leased in 2018) and Round 9 (started in 2018 and released in 2020) of the ESS because only

these rounds contain information on the daily internet use (while our dependent variable about

interpersonal trust is available from rounds 3 to 8). We end up with a sample of 42,039 obser-
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vations, 30,049 from Round 8 and 11,990 from Round 9. Table 1 provides descriptive statistics

for this sample. In all our specifications, we cluster standard errors at country level.

We decide to include in our benchmark specification “Refusal”, “Don’t Know” and “No An-

swer” choices for income, education, political orientation, and marital status, since they reveal

in any case precious information (i.e., that the respondent does not want to reveal her/his opin-

ion/information on that specific issue to the interviewer). For instance, a “Refusal” answer in

the education question may hide the information of a respondent with a low education status

that does not like to make this information available. Robustness checks excluding there three

options are however provided as additional empirical findings.

Results from econometric estimates of specification (1) show that the daily time spent in min-

utes on the web has a significant and negative association with the dependent variable (the

0-10 score given by the respondents on whether people can be trusted). The magnitude of the

coefficient is remarkably stable in the three different specifications, where the third is augmented

for occupation and political orientation (Table 3, columns 1-3).

In terms of economic significance, we find that individuals staying on average more than 6 hours

on the web have a 0.2 percent lower probability of declaring the highest level of interpersonal

trust, while they show a 3 percent lower probability of declaring a level of interpersonal trust

above 5 in the 0-10 scale.

In order to check whether the association is actually linear or not, we create three groups of

users. A first group uses internet daily between 1 and 3 hours (around 39.5 percent), a second

group between 3 and 6 hours (around 22.6 percent) and a third group more than 6 hours (around

13.6 percent). The omitted benchmark is the group using the web less than 1 hour (around 24.3

percent of respondents). We find that the negative association is concentrated among those

using internet between 3 and 6 hours, and more than 6 hours (Table 3, columns 4-6).

With regard to our controls, interpersonal trust grows, as expected, with the level of income

and education, men trust slightly more than women, low skilled workers relatively less than the

omitted benchmark of the unclassified job status, while extreme right political location is nega-

tively correlated with interpersonal trust. It is interesting to remark that individuals responding

that they refuse to declare their marital status have a significantly lower level of trust, while,

on the contrary, those who do not communicate their level of income a significantly higher level

of trust, thereby finding support to the relevance of not omitting this information from our
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estimate. These findings may presumably indicate that refusal to communicate marital status

implies a relational problem negatively affecting trust, while not communicating income could

hide a high level of a variable (income) which is positively related with trust. Country effects

are consistent with evidence showing that trust and social capital are higher in Nordic countries.

Finland, Norway, Sweden, and Iceland are the countries with the highest positive and significant

coefficient, while Bulgaria and Montenegro with the lowest negative and significant coefficient

vis-à-vis the omitted benchmark of Austria.

3.2 IV strategy

Empirical findings described so far highlight a statistically significant association between time

spent on the web and the level of trust. The nexus does not necessarily imply direct causality

since it can be as well interpreted in sense of reverse causality (with the direction going from

lack of trust to more time spent on the web) or spurious correlation where the link observed

between the two variables is driven by a third unobserved factors being correlated with both.

In order to move a step further toward the identification of direct causality we perform an instru-

mental variable (IV) estimate. Our instrumental variable is the strength of the web connection

(3G for cellulars) at the regional (NUTS2 level). The variable is extracted from the netBravo

Dataset created by the Joint Research Centre of the European Union (Folloni et al., 2016), a

source of aggregated data in crowd sourcing limited to the European boundaries. We use the

3G cellular connection, which is expressed in dBm, a logarithmic unit of power measurement,

expressed in decibels (dB) with reference to a milliwatt (mW), for which a unit of power ex-

pressed in dBm indicates how much this power is lower or higher than the power of 1 mW. For

example, the 0 dBm level corresponds to 1 mW (milliwatt). Since the dBm represents the ratio

between two homogeneous quantities (signal over noise), it has no unit of measurement, it is a

pure number, and therefore it is widely used to indicate the signal level of radio, microwave,

and fiber optic telecommunications. The rationale behind our instrument is that the regional

strength of 3G connection has a positive effect on the time spent on the web (instrument rel-

evance), having plausibly no direct effect on the level of trust (instrument validity. The first

stage of our Two-Stage Least Squares (2SLS) model we use to estimate our endogenous variable
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(i.e., time spent on Web) is the following:

WebUsei,t = ζ + λStrengthr + Ω′Wi,t + ξc + ιt + ηi,t. (2)

We use the IV approach to re-estimate specifications of columns 1 and 2 of Table 3, where we

measure web use in minutes (continuous variable). The number of observations is much lower

compared to the observations in Table 1 as the 3G cellular connection is measured at NUTS2

level, which is an information available only for 9 countries in our sample2. Table 4 shows the

results from estimation of the IV model. In the first and second panels, we present the second

and first stage, respectively, while adding the reduced form estimation in the third panel. The

empirical findings from the first stage support the hypothesis of instrument relevance, as the

positive and significant sign confirms the relationship between regional strength of 3G connection

and web use. 1 dBm stronger signal of 3G cellular connection increases web use, roughly, by

1.1 minutes per day (0.5 percent of its mean). The first panel of Table 4 shows that an increase

in daily web use strongly and significantly reduces interpersonal trust, thereby confirming the

significance of the relationship estimated with our specification in the second stage IV estimate.

The reduced form estimates in columns 3-6 of the third panel reveal that, as aforementioned,

this effect is likely driven by female and low educated individuals as columns 3 and 4 of Table

4 illustrate.

4 Robustness checks and sub-sample splits

We consider how heterogeneous individual characteristics affect the impact of web exposure on

social capital. We assume that education can mitigate the negative effect and check whether

gender matters. Therefore, we perform our estimates in gender and education sample splits. We

find that the negative effect of web use on trust is higher (almost double) for the relatively less

educated (below 14 education years) and concentrated among females (Table 5, columns 1-4).

In terms of economic significance, being online for more than 6 hours per day is associated with

a 3.8 percent higher probability of declaring a level of trust on other people lower than 6 for

2The countries we include in our IV strategy are: Austria, France, Italy, Norway, Poland, Portugal,
Spain, Switzerland, and the Netherlands.
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women and a 5 percent higher probability for the less educated.

These findings suggest that the negative effect on trust of daily time spent on the web, net of

the impact of all other standard controls (such as income, education, and political orientation

among others), is amplified by side factors as gender and the level of education.

We as well test whether our main finding is driven by one of the 29 ESS countries included in

the two ESS rounds we consider. We find that the relevant coefficients remain significant over

the p < 0.01 threshold when eliminating one country at a time in 35 different estimates.

Among potential spurious correlations explaining our main findings it is possible that individuals

living in larger households have less time to dedicate to web use during the day and, at the

same time, have higher interpersonal trust. Our maintained assumption on the nexus between

household size and use of the web holds since the negative correlation between the two variables is

strong (-0.20). We therefore add this variable among regressors. We find however that household

size is not significant in our fully augmented specification while our main result remains robust

with time spent on the web being negatively correlated with interpersonal trust.

Finally, in Tables 6 and ?? we exclude missing values in controls (i.e., “Refusal”, “Don’t Know”

and “No Answer” choices for income, education, political orientation, and marital status), and

obtain the same results as in the baseline regressions and in the subsample checks.

5 Conclusion

The research hypothesis set forth in this paper is that daily time spent on the web negatively

contributes to the construction of that essential part of social capital represented by trust on

other people. Our rationale, reinforced by the recent experience of the pandemic which has led

to a forced mass experiment of virtual encounters, is that there are three types of relationships

(face-to-face in presence, face-to-face at distance as in webinars, non-face-to-face at distance as

in most social media interactions). Theoretical literature and empirical findings in behavioural

economics clearly show that the first type of relationship is richer in building trust, while time

spent on the web can only be invested in the second and third type of relationship. Our research

hypothesis is therefore that people spending more time of their day on the web experience poorer

forms of interaction and as a consequence reduced generalised trust. We use waves 8 and 9 of the

ESS to test our research hypothesis. Our empirical findings do not reject our hypothesis since

11

Internet Exposure and Social Capital



daily time spent on the web is negatively and significantly correlated with trust on others after

controlling for sociodemographic factors and country/wave fixed effects. In order to address

endogeneity concerns, we adopt an IV specification and show that the link between web use

and trust is causal, namely web use negatively affects trust. We as well demonstrate that the

negative effect is markedly different when mediated by factors such as gender and education.

Respondents with low education and low frequency of relationships with friends have coefficients

larger than that of the highly educated. The gender effect is also important since web exposure

seems to affect negatively trust for women more than for men. Our findings have relevant

policy implications. The pandemic has been a massive, forced exercise of virtual relationships.

We enjoyed their potential effects in terms of productivity, work-life balance, environmental

sustainability, reduction of exposure to pandemic risk. Results presented in this paper highlight

a caveat confirming previous theoretical and empirical behavioural findings showing the negative

side of the impact on trust. Investment in education, in relational goods, and visions of life

oriented to trust and respect of others can contribute to mitigate this negative side effect. Also,

our results suggest that web interactions are not perfect substitutes of first type relational goods.

Face-to-face relationships in presence remain the richest form of human interactions with the

highest investment potential in trust building relationships.
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6 Figures

Figure 1: Level of Trust in Europe

(5.55 − 6.85]

(5.05 − 5.55]

(4.54 − 5.05]

[3.65 − 4.54]

Average Trust

Notes: The figure shows the average level of trust in Europe (NUTS 2 level). The dependent variable is
level of trust as measured from the answer to the claim Most people can be trusted on a 0-10 scale (with
Cannot trust people in general coded as 0 and Can trust people in general coded as 10).
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Figure 2: Level of 3G Connection in Europe

(−87.3019,−66.9866]

(−90.2244,−87.3019]

(−93.0122,−90.2244]

[−103.9535,−93.0122]

No data

Average Strength of 3G

Notes: The figure shows the average strength of 3G connection (NUTS 2 level) measured in dBm, taken
from the NetBravo dataset (Folloni et al., 2016).
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7 Tables

Table 1: Variable Legend

Dependent Variable

Trust Categorical variable measuring the interpersonal trust level of the respon-
dents. They had to answer to the following question: Generally speaking,
would you say that most people can be trusted, or that you can’t be too
careful in dealing with people? (Where 0 means you can’t be too careful
and 10 means that most people can be trusted).

Main Regressor

Time on web Average daily quantity of time spent on internet in minutes (using a com-
puter, a tablet, a smartphone or other devices, whether for work or personal
use). We replace the continuous variable with a set of dummies capturing
use from 3 to 6 hours, from 6 to 10 hours and for more than 10 hours (with
use up to three hours being the omitted benchmark).

Other Independent
Variables, Controls

Male Dummy variable =1 if the respondent gender is Male, =0 if is Female,
missing in case of No Answer.

Age Nine 10-year age class dummies: Age 0-19, Age 20-29, Age 30-39, Age 40-49,
Age 50-59, Age 60-69, Age 70-79, Age 80-89, Age 90+.

Foreigner Dummy equal to one if the respondent is not a citizen of the resident country.

HH Net Income Ten household total net income deciles.

Education years Dummies 0/1 for each class of education completed, reported in full-time
equivalents and including compulsory years of schooling (less than lower
secondary, lower secondary, lower tier upper secondary, upper tier upper
secondary, advanced vocational, sub-degree, lower tertiary education, BA
level, higher tertiary education, lower/equal MA ... Other, Refusal, Don’t
know, No answer), the omitted benchmark being positions that are not
possible to be harmonised in the ISCED categories.

Job Status Nine categories of professional status (clerks, teachers, service workers, agri-
cultural workers, other manual works, low skill occupations, operators, man-
agers and professionals). See the detailed occupation taxonomy in the ap-
pendix A1.

Legal Marital Status Eleven 0/1 dummies (Legally Married, Civil Union, Legally Separated,
Legally Divorced, Widowed, Never Married or in a Civil Union, Legally
Married being the omitted benchmark).

Left-Right Scale Categorical indicating self-assessed placement in a 0 to 10 scale of political
preference, where 0 means the respondent has an absolute preference for the
left-wing, while 10 indicates an unconditional right-wing party preference.

Country Indicates thirty Countries included with a specific dummy: Austria, Bel-
gium, Bulgaria, Croatia, Cyprus, the Czech Republic, Estonia, Finland,
France, Germany, Hungary, Iceland, Ireland, Israel, Italy, Latvia, Lithuania,
Montenegro, Netherlands, Norway, Poland, Portugal, the Russian Federa-
tion, Serbia, Slovakia, Slovenia, Spain, Sweden, Switzerland, and the United
Kingdom. Standard errors are clustered at country level.

ESS Round Numeric equal to 9 for the ESS9-2018 Edition 2.0 released on 15th of June
2020 and equal to 8 for the ESS8-2016 Edition 2.1 released on 1st of De-
cember 2018.
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Table 2: Summary statistics

Variable Mean Std. Dev. Min. Max. N

Trust 5.477 2.266 0 10 42039
Daily Web Use 1h-3h 0.395 0.489 0 1 42039
Daily Web Use 3h-6h 0.226 0.419 0 1 42039
Daily Web Use more than 6h 0.136 0.342 0 1 42039
Daily Web Use in Minutes 205.507 175.253 0 1440 42039
Male 0.485 0.5 0 1 42039
Foreigner 0.051 0.219 0 1 42039
Household’s tot net income 15.167 25.391 1 99 42039
Total Education Years 4.675 4.413 1 99 42039
Marital Status 5.304 1.23 1 6 27522
Left-Right Scale 5.067 2.185 0 10 38856

Age Class: <20 0.073 0.26 0 1 42039
20-30 0.196 0.397 0 1 42039
30-40 0.2 0.4 0 1 42039
40-50 0.185 0.388 0 1 42039
50-60 0.164 0.37 0 1 42039
60-70 0.121 0.326 0 1 42039
70-80 0.05 0.217 0 1 42039
80-90 0.009 0.097 0 1 42039
>89 0.004 0.059 0 1 42039

Job Type: Manager 0.076 0.265 0 1 42039
Professional 0.299 0.458 0 1 42039
Teacher 0.062 0.241 0 1 42039
Clerk 0.084 0.277 0 1 42039
Services 0.167 0.373 0 1 42039
Agriculture 0.014 0.116 0 1 42039
Lower Occupation 0.087 0.282 0 1 42039
Operator 0.053 0.224 0 1 42039
Other Job 0.062 0.242 0 1 42039

Country 13.923 8.186 1 30 42039
ESS Round 8.285 0.452 8 9 42039
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Table 3: Main results: Internet Use and Interpersonal Trust

(1) (2) (3) (4) (5)
Dependent variable: Trust Trust Trust Trust Trust Level>5

Daily web use in minutes -0.0002*** -0.0003***
(0.000) (0.000)

Daily web use 1-3 hours -0.0126 -0.0222 0.0073
(0.024) (0.024) (0.025)

Daily web use 3-6 hours -0.0739 -0.0973** -0.0697
(0.050) (0.048) (0.052)

Daily web use >6 hours -0.0912** -0.1164*** -0.1348***
(0.041) (0.037) (0.047)

Controls Yes Yes Yes Yes Yes
Additional controls No Yes No Yes Yes
Country FE Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes
Observations 42,039 42,039 42,039 42,039 42,039

Notes: Results from ordered logit regressions. The dependent variable is level of trust as measured from the answer
to the claim Most people can be trusted on a 0-10 scale (with Cannot trust people in general coded as 0 and Can
trust people in general coded as 10). Controls include: gender, age class, income decile, education status, marital
status, dummy for unemployed. Additional controls are: dummy for foreigner, left-right political orientation, and
occupation. Robust standard errors clustered at country level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Table 4: IV strategy

Sample: All All Males Females High Education Low Education

SECOND STAGE: (1) (2) (3) (4) (5) (6)
Dependent variable: Trust Trust Trust Trust Trust Trust

Web use -0.006* -0.009** -0.003 -0.019* -0.007 -0.012
(0.003) (0.004) (0.004) (0.011) (0.005) (0.008)

Controls Yes Yes Yes Yes Yes Yes
Additional controls No Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 15,399 15,152 7,552 7,600 7,587 7,565

FIRST STAGE: (1) (2) (3) (4) (5) (6)
Dependent variable: Web use Web use Web use Web use Web use Web use

Average strength of connection 1.255*** 1.049*** 1.239*** 0.848** 1.241*** 0.907**
(0.306) (0.309) (0.458) (0.414) (0.480) (0.399)

Controls Yes Yes Yes Yes Yes Yes
Additional controls No Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
F-stat. 16.84 11.54 7.33 4.20 6.69 5.17
Observations 15,399 15,152 7,552 7,600 7,587 7,565

REDUCED FORM: (1) (2) (3) (4) (5) (6)
Dependent variable: Trust Trust Trust Trust Trust Trust

Average strength of connection -0.007** -0.009*** -0.005 -0.013*** -0.007 -0.010**
(0.003) (0.003) (0.005) (0.005) (0.005) (0.005)

Controls Yes Yes Yes Yes Yes Yes
Additional controls No Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 19,945 19,691 9,584 10,107 8,292 11,399

Notes: Results from IV. Trust is measured from the answer to the claim Most people can be trusted on a 0-10 scale (with Cannot
trust people in general coded as 0 and Can trust people in general coded as 10). Web use is the daily web use in minutes. Average
strength of connection is measured as average strength of Cellular connection in the region (NUTS-2 level) where the individual lives.
Columns (3), (4), (5), and (6) only include the sample of males, females, highly educated, and low educated, respectively. Controls
include: gender, age class, income decile, education status, marital status, dummy for unemployed. Additional controls are: dummy
for foreigner, left-right political orientation, and occupation. Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Table 5: Subsample checks

Sample: Males Females High Low Males Females High Low
Education Education Education Education

(1) (2) (3) (4) (5) (6) (7) (8)
Dependent variable: Trust Trust Trust Trust Trust Trust Trust Trust

Daily web use in minutes -0.0002** -0.0004*** -0.0002** -0.0004***
(0.000) (0.000) (0.000) (0.000)

Daily web use 1-3 hours 0.0253 -0.0580 -0.0457 -0.0045
(0.025) (0.036) (0.036) (0.031)

Daily web use 3-6 hours -0.0295 -0.1565*** -0.0712 -0.1389***
(0.054) (0.058) (0.058) (0.048)

Daily web use >6 hours -0.0354 -0.1957*** -0.1067** -0.1572***
(0.041) (0.062) (0.049) (0.051)

Controls Yes Yes Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes Yes Yes
Observations 20,381 21,658 21,513 20,526 20,381 21,658 21,513 20,526

Notes: Results from ordered logit regressions. The dependent variable is level of trust as measured from the answer to the claim Most people can be
trusted on a 0-10 scale (with Cannot trust people in general coded as 0 and Can trust people in general coded as 10). Columns (1), (2), (5), and (6)
only include the sample of males and females, respectively. Columns (3), (4), (7), and (8) only include highly educated (with degree) and with low
education (without degree). Controls include: gender, age class, income decile, education status, marital status, dummy for unemployed, dummy for
foreigner, left-right political orientation, and occupation. Robust standard errors clustered at country level in parentheses. *** p<0.01, ** p<0.05,
* p<0.1.
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Table 6: Main results: Excluding missing values

Sample: All All Males Females High Low
education education

(1) (2) (3) (4) (5) (6)
Dependent variable: Trust Trust Trust Trust Trust Trust

Daily web use in minutes -0.0002** -0.0003*** -0.0002* -0.0004*** -0.0003*** -0.0003**
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Controls Yes Yes Yes Yes Yes Yes
Additional controls No Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 25,653 23,220 11,614 12,739 12,317 12,036

Notes: Results from ordered logit regressions excluding missing values (i.e., Refuse/Don’t know answers) in control
variables. The dependent variable is level of trust as measured from the answer to the claim Most people can be trusted
on a 0-10 scale (with Cannot trust people in general coded as 0 and Can trust people in general coded as 10). Columns
(3) and (4) only include the sample of males and females, respectively. Columns (5) and (6) only include highly educated
(with degree) and with low education (without degree). Controls include: gender, age class, income decile, education
status, marital status, dummy for unemployed, dummy for foreigner, left-right political orientation, and occupation.
Robust standard errors clustered at country level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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Appendix

A Additional tables

Table A.1: Main results excluding single countries

Excluded country AT BE BG CH CY CZ
Daily web use in minutes -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003***

Controls Yes Yes Yes Yes Yes Yes
Additional controls Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 40,006 40,009 41,797 40,384 41,934 39,983

Excluded country DE EE ES FI FR GB
Daily web use in minutes -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003***

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Controls Yes Yes Yes Yes Yes Yes
Additional controls Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 39,220 39,906 40,313 39,794 39,938 39,842

Excluded country HR HU IE IL IS IT
Daily web use in minutes -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003***

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Controls Yes Yes Yes Yes Yes Yes
Additional controls Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 41,648 40,967 39,617 40,272 41,265 40,087

Excluded country LT LV ME NL NO PL
Daily web use in minutes -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003***

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Controls Yes Yes Yes Yes Yes Yes
Additional controls Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 40,721 41,991 41,822 40,052 40,089 40,942

Excluded country PT RS RU SE SI SK
Daily web use in minutes -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003*** -0.0003***

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Controls Yes Yes Yes Yes Yes Yes
Additional controls Yes Yes Yes Yes Yes Yes
Country FE Yes Yes Yes Yes Yes Yes
Round FE Yes Yes Yes Yes Yes Yes
Observations 41,025 41,759 40,880 40,067 40,897 41,904

Notes: Results from ordered logit regressions excluding from the sample one country at a time. The dependent variable is
level of trust as measured from the answer to the claim Most people can be trusted on a 0-10 scale (with Cannot trust people
in general coded as 0 and Can trust people in general coded as 10). Controls include: gender, age class, income decile,
education status, marital status, dummy for unemployed. Additional controls are: dummy for foreigner, left-right political
orientation, and occupation. Robust standard errors clustered at country level in parentheses. *** p<0.01, ** p<0.05, *
p<0.1.
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Table A.2: Main results: complete table

(1) (2) (3) (4) (5)
VARIABLES Trust Trust Trust Trust Trust >5

Daily web use in minutes -0.0002*** -0.0003***
(0.000) (0.000)

Daily web use 1-3 hours -0.0058 -0.0222 0.0073
(0.024) (0.024) (0.025)

Daily web use 3-6 hours -0.0708 -0.0973** -0.0697
(0.049) (0.048) (0.052)

Daily web use >6 hours -0.0902** -0.1164*** -0.1348***
(0.040) (0.037) (0.047)

Male 0.0637** 0.0883*** 0.0633** 0.0878*** 0.1121***
(0.027) (0.028) (0.026) (0.028) (0.033)

Age Class= <20 0.0994 0.0148 0.1026 0.0201 0.1490
(0.139) (0.153) (0.141) (0.154) (0.158)

= 20-30 -0.2421* -0.2186 -0.2404 -0.2153 -0.0312
(0.147) (0.151) (0.148) (0.152) (0.150)

= 30-40 -0.3126** -0.2802* -0.3098** -0.2766* -0.1505
(0.142) (0.143) (0.142) (0.144) (0.148)

= 40-50 -0.2299* -0.2098 -0.2259 -0.2059 -0.0883
(0.140) (0.142) (0.140) (0.142) (0.146)

= 50-60 -0.1615 -0.1509 -0.1567 -0.1470 -0.0664
(0.136) (0.138) (0.136) (0.137) (0.145)

= 60-70 -0.0819 -0.1038 -0.0758 -0.0998 -0.0218
(0.139) (0.145) (0.139) (0.144) (0.156)

= 70-80 0.0012 -0.0310 0.0084 -0.0266 0.0227
(0.168) (0.168) (0.169) (0.169) (0.178)

= 80-90 0.1031 0.0776 0.1111 0.0822 0.1288
(0.229) (0.224) (0.230) (0.225) (0.265)

Income Decile= 2nd 0.1687*** 0.1653*** 0.1695*** 0.1662*** 0.0756
(0.051) (0.054) (0.051) (0.054) (0.058)

= 3rd 0.1497** 0.1502** 0.1504** 0.1512** 0.1227**
(0.060) (0.061) (0.060) (0.061) (0.062)

= 4th 0.2226*** 0.1963*** 0.2225*** 0.1962*** 0.1634***
(0.054) (0.056) (0.054) (0.057) (0.059)

= 5th 0.2131*** 0.2033*** 0.2133*** 0.2037*** 0.1954***
(0.050) (0.052) (0.050) (0.053) (0.049)

= 6th 0.3167*** 0.2766*** 0.3172*** 0.2774*** 0.2914***
(0.057) (0.059) (0.057) (0.059) (0.062)

= 7th 0.3377*** 0.2956*** 0.3389*** 0.2973*** 0.3052***
(0.054) (0.057) (0.054) (0.057) (0.048)

= 8th 0.3572*** 0.3177*** 0.3568*** 0.3178*** 0.2819***
(0.053) (0.057) (0.053) (0.057) (0.055)

= 9th 0.3649*** 0.3114*** 0.3643*** 0.3117*** 0.3358***
(0.049) (0.055) (0.049) (0.055) (0.055)

= 10th 0.3957*** 0.3564*** 0.3951*** 0.3567*** 0.3448***
(0.055) (0.060) (0.055) (0.061) (0.067)

= Refusal 0.0165 0.0111 0.0172 0.0120 0.0118
(0.075) (0.076) (0.075) (0.076) (0.073)

= Don’t know 0.3138*** 0.2906*** 0.3140*** 0.2913*** 0.2631***
(0.063) (0.065) (0.064) (0.065) (0.061)

= No Answer 0.6850*** 0.6729*** 0.6922*** 0.6779*** 0.8096***
(0.085) (0.097) (0.085) (0.097) (0.051)

Education years= ES-ISCED II, lower secondary 0.0467 0.0306 0.0464 0.0307 -0.0034
(0.056) (0.055) (0.056) (0.056) (0.069)

= ES-ISCED IIIb, lower tier upper seconda 0.2277*** 0.2131*** 0.2268*** 0.2130*** 0.1724**
(0.068) (0.062) (0.068) (0.062) (0.076)

= ES-ISCED IIIa, upper tier upper seconda 0.4336*** 0.3811*** 0.4324*** 0.3815*** 0.3770***
(0.059) (0.056) (0.060) (0.056) (0.073)

= ES-ISCED IV, advanced vocational, sub-d 0.5437*** 0.4636*** 0.5422*** 0.4639*** 0.4578***
(0.076) (0.067) (0.076) (0.067) (0.082)

= ES-ISCED V1, lower tertiary education 0.8749*** 0.7177*** 0.8718*** 0.7167*** 0.7455***
(0.068) (0.061) (0.068) (0.061) (0.079)

= ES-ISCED V2, higher tertiary education 0.9450*** 0.7654*** 0.9419*** 0.7648*** 0.8069***
(0.082) (0.072) (0.082) (0.072) (0.089)

= Other 0.2692 0.2800 0.2685 0.2805 0.3324
(0.183) (0.205) (0.185) (0.208) (0.259)

= Refusal 0.3119 0.2049 0.3152 0.2090 0.1983
(0.289) (0.303) (0.288) (0.302) (0.386)

= Don’t know 0.3076* 0.2210 0.2910 0.2045 0.0389
(0.183) (0.183) (0.187) (0.187) (0.256)

= No answer 1.2389 1.0546 1.2479 1.0533 0.6664
(1.002) (1.051) (1.009) (1.058) (1.721)

Observations 43,356 42,039 43,356 42,039 42,039
The table continues at the next page
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(1) (2) (3) (4) (5)
VARIABLES Trust Trust Trust Trust Trust >5

Unemployed actively looking for job -0.2436*** -0.2317*** -0.2417*** -0.2291*** -0.2419***
(0.054) (0.055) (0.054) (0.055) (0.061)

Legal status= Civil union -0.1905** -0.1975** -0.1901** -0.1977** -0.1488
(0.090) (0.098) (0.090) (0.097) (0.107)

= Separated -0.3059*** -0.2961*** -0.3066*** -0.2962*** -0.1224
(0.087) (0.092) (0.087) (0.092) (0.095)

= Divorced -0.2141*** -0.2032*** -0.2145*** -0.2035*** -0.1543*
(0.051) (0.064) (0.051) (0.064) (0.080)

= Widowed -0.1782*** -0.1990*** -0.1781*** -0.1993*** -0.1760*
(0.068) (0.076) (0.068) (0.076) (0.101)

= Never married -0.1142** -0.1377** -0.1146** -0.1380** -0.0975
(0.048) (0.057) (0.049) (0.057) (0.076)

= Does not apply -0.0572 -0.0641 -0.0568 -0.0643 -0.0069
(0.047) (0.054) (0.047) (0.055) (0.070)

= Refusal -0.3491 -0.3672 -0.3488 -0.3664 -0.3398
(0.338) (0.343) (0.338) (0.343) (0.355)

= Don’t know -0.4170* -0.4148* -0.4115* -0.4084* -0.5428*
(0.238) (0.228) (0.239) (0.231) (0.309)

= No answer -0.3080*** -0.3553*** -0.3103*** -0.3583*** -0.3329***
(0.066) (0.072) (0.066) (0.072) (0.104)

Foreigner -0.1449** -0.1481*** -0.2026***
(0.057) (0.056) (0.054)

Left-right scale political orientation (0=extreme left) = 1 0.1533** 0.1558** 0.1309
(0.076) (0.075) (0.080)

= 2 0.1565** 0.1575** 0.1875**
(0.077) (0.077) (0.086)

= 3 0.1258* 0.1267* 0.1954**
(0.076) (0.076) (0.077)

= 4 0.0606 0.0609 0.1339**
(0.067) (0.068) (0.061)

= 5 -0.1860** -0.1863** -0.2309***
(0.075) (0.076) (0.064)

= 6 0.0163 0.0172 0.1015
(0.084) (0.084) (0.082)

= 7 -0.0168 -0.0167 0.0850
(0.106) (0.106) (0.095)

= 8 -0.0324 -0.0326 -0.0235
(0.109) (0.109) (0.098)

= 9 -0.0880 -0.0884 -0.0365
(0.120) (0.120) (0.112)

= 10 -0.4338*** -0.4342*** -0.3906***
(0.155) (0.155) (0.119)

Refusal -0.2950** -0.2952** -0.2553*
(0.135) (0.136) (0.152)

Don’t know -0.1480 -0.1487 -0.1292
(0.091) (0.092) (0.082)

No answer -1.2985 -1.2841 -0.0184
(1.511) (1.521) (1.019)

Job type= Manager -0.0928 -0.0955 -0.1372*
(0.068) (0.067) (0.071)

= Professional -0.0567 -0.0609 -0.0468
(0.067) (0.067) (0.065)

= Teacher 0.0163 0.0157 -0.0457
(0.086) (0.086) (0.098)

= Clerk -0.1477* -0.1522** -0.1362*
(0.076) (0.076) (0.071)

= Service worker -0.2282*** -0.2305*** -0.2319***
(0.058) (0.059) (0.063)

= Agricultural worker -0.0760 -0.0769 -0.0782
(0.092) (0.091) (0.089)

= Low skill occupation -0.2827*** -0.2841*** -0.3096***
(0.078) (0.078) (0.083)

= Operator -0.4219*** -0.4236*** -0.4080***
(0.059) (0.059) (0.058)

= Other manual worker -0.2492*** -0.2510*** -0.2255***
(0.059) (0.059) (0.069)

Observations 43,356 42,039 43,356 42,039 42,039
The table continues at the next page
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(1) (2) (3) (4) (5)
VARIABLES Trust Trust Trust Trust Trust >5

Country = Belgium -0.5240*** -0.5027*** -0.5265*** -0.5049*** -0.5344***
(0.023) (0.022) (0.023) (0.022) (0.028)

Bulgaria -1.5325*** -1.4373*** -1.5325*** -1.4366*** -1.5539***
(0.037) (0.040) (0.037) (0.041) (0.036)

Switzerland 0.2216*** 0.2371*** 0.2199*** 0.2350*** 0.1750***
(0.011) (0.012) (0.011) (0.012) (0.016)

Cyprus -1.4879*** -1.3167*** -1.4939*** -1.3229*** -1.5210***
(0.037) (0.035) (0.037) (0.035) (0.036)

Czech Republic -0.3997*** -0.3797*** -0.4022*** -0.3813*** -0.3170***
(0.019) (0.022) (0.020) (0.023) (0.024)

Germany -0.3641*** -0.3711*** -0.3666*** -0.3732*** -0.3873***
(0.016) (0.017) (0.017) (0.017) (0.021)

Estonia -0.1468*** -0.0462* -0.1515*** -0.0496* -0.1076***
(0.022) (0.024) (0.023) (0.026) (0.030)

Spain -0.4004*** -0.4052*** -0.4054*** -0.4099*** -0.4549***
(0.022) (0.022) (0.022) (0.022) (0.025)

Finland 0.8916*** 0.9327*** 0.8907*** 0.9324*** 0.9519***
(0.024) (0.031) (0.025) (0.031) (0.031)

France -0.8514*** -0.8387*** -0.8542*** -0.8412*** -1.0289***
(0.022) (0.021) (0.022) (0.021) (0.021)

Great Britain -0.3620*** -0.3165*** -0.3673*** -0.3207*** -0.3707***
(0.022) (0.021) (0.022) (0.022) (0.026)

Croatia -1.1700*** -1.1097*** -1.1724*** -1.1120*** -1.2444***
(0.035) (0.034) (0.035) (0.034) (0.032)

Hungary -0.7681*** -0.7317*** -0.7710*** -0.7338*** -0.7303***
(0.021) (0.030) (0.021) (0.031) (0.031)

Ireland -0.1600*** -0.0989*** -0.1611*** -0.0986*** -0.0996***
(0.019) (0.021) (0.020) (0.023) (0.028)

Israel -0.2562*** -0.2341*** -0.2593*** -0.2361*** -0.2803***
(0.018) (0.025) (0.018) (0.026) (0.032)

Iceland 0.5355*** 0.5575*** 0.5313*** 0.5554*** 0.3771***
(0.028) (0.028) (0.030) (0.030) (0.040)

Italy -0.6234*** -0.6049*** -0.6252*** -0.6061*** -0.5791***
(0.028) (0.034) (0.029) (0.034) (0.037)

Lithuania -0.4666*** -0.3433*** -0.4680*** -0.3432*** -0.3256***
(0.023) (0.028) (0.024) (0.029) (0.033)

Latvia -1.2530*** -1.1330*** -1.2534*** -1.1347*** -1.4799***
(0.034) (0.037) (0.035) (0.038) (0.037)

Montenegro -1.5960*** -1.6242*** -1.5983*** -1.6276*** -1.4606***
(0.039) (0.040) (0.039) (0.040) (0.043)

Netherlands 0.2856*** 0.2986*** 0.2798*** 0.2938*** 0.4458***
(0.020) (0.021) (0.020) (0.021) (0.028)

Norway 0.7816*** 0.7908*** 0.7778*** 0.7888*** 0.6702***
(0.020) (0.020) (0.022) (0.022) (0.023)

Poland -1.1378*** -1.1046*** -1.1407*** -1.1075*** -1.2304***
(0.028) (0.028) (0.028) (0.027) (0.024)

Portugal -1.0170*** -0.9642*** -1.0248*** -0.9713*** -1.1595***
(0.038) (0.038) (0.037) (0.037) (0.040)

Serbia -1.2997*** -1.1279*** -1.3032*** -1.1295*** -1.0261***
(0.032) (0.030) (0.032) (0.030) (0.032)

Russian Federation -1.1884*** -1.0831*** -1.1921*** -1.0858*** -1.1670***
(0.033) (0.034) (0.033) (0.035) (0.035)

Sweden 0.3644*** 0.3847*** 0.3583*** 0.3794*** 0.3429***
(0.023) (0.024) (0.023) (0.024) (0.033)

Slovenia -0.9517*** -0.8870*** -0.9538*** -0.8896*** -0.8928***
(0.025) (0.026) (0.024) (0.025) (0.026)

Slovakia -1.4414*** -1.2972*** -1.4423*** -1.2974*** -1.1171***
(0.038) (0.035) (0.038) (0.034) (0.033)

European Social Survey Round 0.0051 0.0168 0.0044 0.0164 0.0161
(0.034) (0.031) (0.034) (0.031) (0.042)

Observations 43,356 42,039 43,356 42,039 42,039

Notes: Results from ordered logit regressions. The dependent variable is level of trust as measured from the answer
to the claim Most people can be trusted on a 0-10 scale (with Cannot trust people in general coded as 0 and Can trust
people in general coded as 10). Robust standard errors clustered at the country level in parentheses. *** p<0.01,
** p<0.05, * p<0.1.
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